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/ Motivation

Reynolds-Averaged Navier-Stokes (RANS) simulation with the Spalart-Allmaras (SA)
turbulence model is a conventional approach to analyze compressor stall. However, it falls
short of predicting the compressor stall boundary especially at off-design speeds.
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Shock. SA models predict a delayed shock front with a smaller pressure. Coefficients
g, K, C,q, C,; @and ¢, are found important to shock prediction.
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— CFD Separation. SA models predict a smaller size of separation. Coefficients o, K, ¢,

C,» and c 4 are found important to separation prediction.
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this research.

Compressor flows are simplified by backstep and bump flows. Mach number [l n
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Reynolds Stress. SA models fail to reproduce the Reynolds stress in separated
region. Coefficients o, K, ¢, C,; and c,, are important to Reynolds stress prediction.
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